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Translational Research
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Biomarker transformed treatment landscape
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Discovery of EGFR mutation
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Can new genetic classification lead to i
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Classic Hodgkin lymphoma (cHL) :An ideal disease context
for dose de-escalation and escalation strategies.
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Rare (-1%) HRS cell populations hampered
genomic study for HRS cells in Hodgkin lymphoma (HL)
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Multidimensional characterization of cellular ecosystems in HL

I Aim: Determine the biology that underlies molecular heterogeneity I

Develop Publicly available tool: HLGen

DNA Sequencing fromjFrozen Samples ety Validation with ctDNA-based
| o DNA Sequencing Igata .
g _ CtDNA W H melm 2
o £° = B 1=)
m"jj j — 3 MUT , ‘ %ﬁm} g oiie
; Ly g o 20- Eln‘ww
 Lee " . H
PP ledalsaiicingaas U Time Plasma Precision Medicine
Discovery Cohort (n = 114) Clinical Features/ NMF Clustering: Independent Validation Cohort (n = 293)
1 1 Outcome Correlation

Molecular Subtype
Standard Chemotherapy in Population-based Cohort

Functional modeling of CST subt
Whole Transcriptome Analysis \ I tnctiona mo:lngo A i d i I

GeoMx

HRS Cells

Tissue Microarray (TMA)
Construction

Humanized
W Tl lymphoma mouse

Aoki et al, Cancer Discovery 2026

Tumor Microenvironment Correlation




Discovery of four HL molecular subsets
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Distinct signaling/pathways of four CHL molecular subsets
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Imaging mass cytometry study overview

Imaging mass cytometry

HRS cells:
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Each molecular cluster showed unique correlations with specific TME subset
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Each molecular cluster showed the distinct significant interactions
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Molecular heterogeneity and their contribution to TME
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CSF2RB driven CCL17/CCR4 interaction in the TME of HL
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The gain-of-function effects were inhibited byJAK2/CCR4 inhibitor
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The gain-of-function effects were inhibited byJAK2/CCR4 inhibitor

These gain of functions were JAK2 dependent WT E788*
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CSF2RB-carrying humanized mouse xenotransplantation model
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CSF2RB-carrying humanized mouse xenotransplantation model
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Next STEP: Establish biology driven treatment strategy according to molecular subgroup
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Establishment of molecular classification system: HLGen

Training

NMF: V ~ WH
V: Data matrix (non=negative)
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H: Coefficient matrix (non—-negative)
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Validation of four HL molecular subsets: ctDNA Stanford cohort
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Summary and conclusions
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FFPE and liquid biopsy-based assay has expanded applicability of
spatial/molecular assay in routine clinical analyses
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